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Uncertainty Quantification in Machine Learning

Building More Interpretable Machine Learning Models
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Analysis of Predictive Models to Improve Engineering Applications

Impact of dataset size on model performance Impact of test set noise on model prediction accuracy

a) RF tested on data with 0% noise  b) RF tested on data with 6% noise

Data Augmentation

a) RF trained with 8000 data points b) RF trained with 2000 data points ¢) RF trained with 100 data points
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